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Abstract: Digital transformation has become a strategic priority for small and medium-
sized enterprises (SMEs), particularly in emerging economies where structural constraints
intensify the challenges of digitalization. This study analyzes how digital competencies
and digital human resource management influence the digital transformation of SMEs in
Ecuador, considering the role of organizational culture. A quantitative approach was
adopted with a non-experimental, cross-sectional, and explanatory design. Data were col-
lected through an online survey administered between August and October 2025 to a
sample of 260 managers and employees of SMEs. The analysis was conducted using
Partial Least Squares Structural Equation Modeling (PLS-SEM) with SmartPLS 4. The
results show that digital competencies exert a strong effect on digital human resource
management and a direct effect on digital transformation. In contrast, digital human re-
source management does not show a significant direct effect on digital transformation,
although it substantially influences organizational culture. Likewise, organizational culture
does not moderate the relationship between digital human resource management and
digital transformation. These findings highlight the central role of digital competencies as
the main driver of digital transformation in SMEs and provide empirical evidence from an
underexplored emerging-economy context.

Keywords: digital transformation; digital competencies; digital human resource manage-
ment; organizational culture; SMEs; emerging economies; Ecuador

1. Introduction

Digital transformation (DT) has become a strategic priority for small and medium-
sized enterprises (SMEs) due to its ability to improve operational efficiency, strengthen
competitiveness, and facilitate adaptation to increasingly dynamic and digitalized business
environments. However, for many SMEs—especially in emerging economies—DT re-
mains a complex and uneven process, shaped by resource constraints, knowledge gaps,
and organizational limitations (Dgbrowska et al., 2022; Klein & Todesco, 2021).

In Latin America, and particularly in countries such as Ecuador, SMEs face additional
challenges related to technological maturity, management professionalization, and access
to talent with digital capabilities. Although the adoption of digital technologies has in-
creased in recent years, multiple studies indicate that the incorporation of digital tools does
not always translate into sustainable organizational transformation processes or con-
sistent improvements in business performance (de Mattos et al., 2024; Jia et al., 2024).
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This gap between technology adoption and effective transformation suggests that the phe-
nomenon goes beyond the mere implementation of technologies.

Recent literature has emphasized the role of organizational digital competencies
(DCs) as a key factor in driving DT, enabling firms to integrate technologies into their pro-
cesses, business models, and management practices (Rupeika-Apoga et al., 2022; Zhang
et al., 2024). In parallel, growing interest has emerged in digital human resource manage-
ment (DHRM), understood as a set of practices that use digital technologies to improve
talent management, training, internal communication, and decision-making (Béhmer &
Schinnenburg, 2023; Vahdat, 2022). Likewise, several studies suggest that organizational
culture (OC) may influence how firms assimilate digital change, either facilitating or con-
straining transformation processes (Alshammairi et al., 2024; Leso et al., 2023).

Nevertheless, despite these advances, empirical evidence remains fragmented and
inconsistent. A significant share of studies examines these variables in isolation or focuses
on developed economies, limiting understanding of how they interact within SMEs in
emerging economies. Moreover, an ongoing debate persists regarding the specific role of
DHRM and OC—whether as direct drivers, intermediary mechanisms, or contextual fac-
tors within DT processes (Espina-Romero et al., 2024, 2025; Malewska et al., 2024).

In this context, there is a clear need for studies that integrate these dimensions into
a coherent explanatory model and provide empirical evidence from underexplored organ-
izational settings. The Ecuadorian context offers a relevant scenario for such analysis,
given the weight of SMEs in the country’s productive structure and recent efforts to pro-
mote business digitalization as a strategy for economic development and sustainability.

Accordingly, this study aims to analyze how DCs and DHRM relate to DT in Ecuado-
rian SMEs, considering the role of OC within this process. To this end, a quantitative and
explanatory approach is adopted, using Partial Least Squares Structural Equation Model-
ing (PLS-SEM) and a previously validated instrument adapted to the Ecuadorian context.

The article is structured as follows. Section 2 presents the theoretical framework and
the conceptual delimitation of the analyzed variables. Section 3 develops the proposed
model and research hypotheses. Section 4 describes the materials and methods used.
Section 5 reports the empirical results. Finally, Section 6 discusses the findings and pre-
sents the conclusions, limitations, and recommendations for future research.

2. Theoretical Framework

This section addresses, in an integrated manner, (i) the conceptual delimitation of the
key variables, (ii) prior empirical evidence on their relationships, (iii) existing knowledge
gaps, and (iv) the theoretical models that underpin the proposed hypotheses. This struc-
ture provides a solid basis for interpreting the results and discussing their theoretical and
practical implications.

2.1. Key Definitions and Conceptual Delimitation
2.1.1. Digital Competencies (DCs)

DCs have evolved from a perspective focused on individual technical skills toward a
broader organizational approach linked to dynamic and strategic capabilities. Rupeika-
Apoga et al. (2022) define them as the combination of digital orientation and digital capa-
bility that enables firms to implement technologies effectively and adapt their business
models. Recent studies extend this notion by incorporating elements such as digital resil-
ience, digital business model maturity, and the management of technological platforms,
particularly in SMEs operating in emerging markets (Aghazadeh et al., 2024).

From an organizational perspective, DCs also encompass the ability to integrate tech-
nologies into talent management, OC, and sustainable practices, directly influencing DT
processes (Espina-Romero et al., 2024, 2025). Nevertheless, some conceptual debate
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persists, as certain authors emphasize the technological component, whereas others high-
light its socio-organizational nature and its link to dynamic capabilities (Zhang et al., 2024).

2.1.2. Digital Transformation (DT)

DT is a multifaceted construct that is still undergoing theoretical consolidation, partic-
ularly in the SME domain. Klein and Todesco (2021) conceptualize it as a set of strategies
and tools that strengthen organizational resilience in crisis environments. In contrast, more
recent approaches describe DT as a socioeconomic change that transcends the organi-
zational level and impacts entire ecosystems through the adoption and use of digital tech-
nologies (Dabrowska et al., 2022).

Other authors emphasize its gradual and multi-phase nature, conditioned by both
internal factors (structure, resources, capabilities) and external factors (customers, sup-
pliers, institutional environment) (Jia et al., 2024). Despite these advances, the literature
acknowledges that DT in SMEs remains an abstract and heterogeneous phenomenon,
with challenges in its empirical operationalization, which justifies the need for studies in-
tegrating organizational and human dimensions (de Mattos et al., 2024).

2.1.3. Digital Human Resource Management (DHRM)

DHRM emerges as an extension of traditional people management, incorporating
digital technologies to optimize processes, improve decision-making, and enhance organ-
izational performance. Vahdat (2022) and Alhamad et al. (2022) agree that DHRM in-
volves the use of electronic systems to increase efficiency in human resource practices,
while more advanced approaches incorporate automation, data analytics, and machine
learning to support strategic functions such as recruitment, training, and performance eval-
uation (Garg et al., 2022).

From this perspective, DHRM not only fulfills an operational role but also acts as an
articulating mechanism between DCs and organizational change processes, influencing
both internal culture and the firm’s capacity to advance its DT.

2.1.4. Organizational Culture (OC)

OC is generally defined as the set of values, beliefs, norms, and practices that guide
the behavior of organizational members. In the SME context, several studies highlight its
role as a facilitator or barrier to innovation and DT (Leso et al., 2023). Recent research
underscores that a culture oriented toward learning, collaboration, and change increases
the effectiveness of digital initiatives, whereas rigid cultures tend to limit their impact (Al-
shammari et al., 2024). Furthermore, the literature shows that OC can act as a mediating
or moderating variable in the relationships between management practices and organiza-
tional performance, reinforcing or attenuating the effects of digitalization (Malewska et al.,
2024).

2.2. Review of Prior Studies and Empirical Findings
2.2.1. Digital Competencies and Digital Transformation in SMEs

Multiple studies consistently demonstrate that DCs constitute a fundamental enabling
factor for DT in SMEs. Rupeika-Apoga et al. (2022) show that digital orientation and ca-
pability positively influence business model adaptation and firm performance. Similarly,
Zhang et al. (2024) indicate that DCs, understood as dynamic capabilities, allow firms to
perceive and respond more agilely to technological changes in the environment.

In emerging economy contexts, these competencies become even more relevant due
to the need to compensate for structural limitations through the strategic use of digital
technologies (Aghazadeh et al., 2024). However, some studies warn that the mere avail-
ability of digital resources does not guarantee effective transformation if adequate organ-
izational and managerial integration is lacking (Proksch et al., 2024).
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2.2.2. Digital Competencies and Digital Human Resource Management

Empirical evidence also supports a positive relationship between DCs and DHRM.
Organizations with stronger digital capabilities tend to be more successful in implementing
E-HRM systems, process automation, and data analytics in talent management (Alhamad
et al., 2022; Vahdat, 2022). In this regard, Garg et al. (2022) highlight that the adoption of
data analytics- and machine learning-based tools improves efficiency and the quality of
decision-making in human resources. Nevertheless, in Latin American SMEs, DHRM im-
plementation is often partial and uneven due to internal resistance and cultural constraints,
reinforcing the need to analyze this construct in interaction with other organizational fac-
tors.

2.2.3. Digital Human Resource Management and Digital Transformation

The literature agrees that DHRM plays a strategic role in DT processes. Vrontis et al.
(2022) argue that the automation and digitalization of human resource practices directly
contribute to organizational performance and the adoption of digital innovations. Likewise,
Boéhmer and Schinnenburg (2023) provide evidence that the digitalization of internal com-
munication, training, and the use of data in HRM facilitates alignment among people, pro-
cesses, and technology.

However, recent studies indicate that the impact of DHRM on DT is not uniform, as it
depends on the degree of cultural alignment and leadership support, particularly in SMEs
with less formalized structures (Leso et al., 2023).

2.2.4. Digital Human Resource Management and Organizational Culture

DHRM has also been identified as a relevant antecedent of OC. Alhamad et al. (2022)
argue that digital training and continuous learning contribute to the development of cul-
tures that are more open to innovation and change. Complementarily, Isensee et al. (2023)
point out that digital practices in talent management influence organizational values and
behaviors, shaping cultures oriented toward sustainability and digitalization. In SMEs,
where culture is often strongly influenced by founders or leaders, DHRM can act as a
mechanism for institutionalizing digital and collaborative values.

2.3. Knowledge Gaps and Research Voids

Despite the progress of the literature, several relevant gaps remain. First, most stud-
ies analyze DCs, DHRM, or OC in isolation, without integrating them into a single explan-
atory model applied to SMEs in emerging economies such as Ecuador (de Mattos et al.,
2024). Second, the role of OC has predominantly been examined as a mediating variable,
with limited empirical evidence regarding its moderating function in the relationship be-
tween DHRM and DT (Malewska et al., 2024). These gaps limit the understanding of the
contextual mechanisms that explain why similar digitalization initiatives yield different out-
comes across organizations, thereby justifying the relevance of the present study.

2.4. Reference Models and Theoretical Foundations

This study is primarily grounded in Dynamic Capabilities Theory, which posits that
organizations must develop capabilities to integrate, build, and reconfigure resources in
response to changing environments. From this perspective, DCs and DHRM represent
organizational capabilities that enable Ecuadorian SMEs to respond to competitive and
technological pressures (Zhang et al., 2024).

Additionally, contributions from strategic human resource management are incorpo-
rated to explain how HRM practices influence organizational performance and the adop-
tion of innovations (Vrontis et al., 2022), as well as from OC theory, which emphasizes its
role as a facilitator or barrier to organizational change (Alshammari et al., 2024). However,
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these approaches have been criticized for their limited consideration of context and con-
tingent effects, which reinforces the inclusion of OC as a moderating variable.

2.5. Relationship with Study Hypotheses

The reviewed theoretical and empirical evidence supports the proposed hypotheses.
DCs positively influence DHRM (H1) and DT (H2), as indicated by Rupeika-Apoga et
al. (2022) and Zhang et al. (2024). Likewise, DHRM exerts a direct effect on DT (H3)
and OC (H4), in line with Vrontis et al. (2022) and Isensee et al. (2023). Finally, the
literature supports that an OC favorable to change strengthens the impact of DHRM
practices on DT (H5), particularly in SMEs operating in emerging economies (Leso
et al., 2023; Malewska et al., 2024). Figure 1 presents the proposed model for this
study.
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Figure 1. Model proposed for this study
3. Hypotheses Development

3.1. Digital Competencies and Digital Human Resource Management

Organizational DCs facilitate the adoption of technologies in talent management, en-
abling process automation, improved internal communication, and stronger data-driven
decision-making. Empirical evidence indicates that organizations with higher digital capa-
bilities exhibit more advanced levels of E-HRM implementation and digital human resource
practices (Alhamad et al., 2022; Vahdat, 2022). In SMEs operating in emerging econo-
mies, these competencies are particularly critical for compensating structural constraints
and professionalizing human capital management (Rupeika-Apoga et al., 2022). Accord-
ingly, the following hypothesis is proposed:

H1. DCs positively and significantly influence DHRM.

3.2. Digital Competencies and Digital Transformation

From a dynamic capabilities perspective, DCs enable firms to identify technological
opportunities, reconfigure resources, and adapt their business models in response to
changing environments (Zhang et al., 2024). Recent studies confirm that SMEs with
stronger DCs progress more deeply in their DT processes (Aghazadeh et al., 2024;
Proksch et al., 2024). In the Ecuadorian context, these competencies constitute a critical
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factor for closing the gap between technology adoption and effective organizational
change. Therefore, the following hypothesis is proposed:

H2. DCs positively and significantly influence DT.

3.3. Digital Human Resource Management and Digital Transformation

DHRM acts as an articulating mechanism between technology and people by aligning
human capital with DT objectives. The literature shows that the digitalization of human
resource practices directly contributes to the adoption of innovations and organizational
performance (Vrontis et al., 2022; BOhmer & Schinnenburg, 2023). In SMEs, this effect
becomes particularly relevant by facilitating internal coherence and acceptance of techno-
logical change. Accordingly, the following hypothesis is proposed:

H3. DHRM positively and significantly influences DT.

3.4. Digital Human Resource Management and Organizational Culture

The implementation of digital practices in human resources promotes values associ-
ated with continuous learning, collaboration, and innovation, thereby influencing the con-
figuration of OC. Prior studies show that digital training and the use of technologies in
HRM foster cultures that are more open to change (Alhamad et al., 2022; Isensee et al.,
2023). In Ecuadorian SMEs, where culture is often strongly shaped by leadership, DHRM
can act as a catalyst for cultural change. Therefore, the following hypothesis is proposed:

H4. DHRM positively and significantly influences OC.

3.5. The Moderating Role of Organizational Culture

OC constitutes a key contextual factor that can enhance or constrain the impact of
digital management practices on organizational transformation. Recent literature indicates
that cultures oriented toward learning, flexibility, and innovation strengthen the effect of
DHRM on DT (Leso et al., 2023; Malewska et al., 2024). In emerging economies, this
moderating role is particularly relevant due to the resistance to change present in many
SMEs. In this regard, the following hypothesis is proposed:

H5. OC positively moderates the relationship between DHRM and DT, such that when OC
is high, the effect of DHRM on DT is stronger.

4. Materials and Methods

This section presents the six methodological steps applied in the study in order to
achieve the measurement and validation of the proposed model (Figure 2).

Measurement

Research Design Instrument

Population,

Sample, and 00‘0 ‘: } the Data Collection
Sampling A methodology Procedure
Procedure il
Participant @ S Data Analysis

Characteristics 3 Techniques

Figure 2. Methodological steps applied.
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4.1. Research Design

The study was conducted using a quantitative approach with a non-experimental,
cross-sectional, and explanatory design, as the variables were measured at a single point
in time without deliberate manipulation, with the aim of analyzing causal relationships
among latent constructs (Hernandez-Sampieri & Mendoza, 2018). This design is appro-
priate for evaluating theoretical models based on structural equation modeling and for
testing hypotheses in real organizational contexts, such as Ecuadorian SMEs.

4.2. Population, Sample, and Sampling

The study population consisted of executives, managers, and employees with man-
agement responsibilities in small and medium-sized enterprises in Ecuador. Data collec-
tion was carried out through an online survey administered between August and October
2025. A final sample of 260 valid responses was obtained.

A non-probabilistic convenience sampling technique was employed, considering the
ease of access to participants through institutional contacts and business networks. Alt-
hough this type of sampling limits the statistical generalizability of the results, it is widely
used and methodologically accepted in explanatory and exploratory studies conducted in
contexts where complete or updated sampling frames are not available, as is often the
case with SMEs in emerging economies (J. F. Hair et al., 2022; Stratton, 2023).

4.3. Participant Characteristics

The sample consisted primarily of representatives of small and medium-sized enter-
prises (Table 1), with greater participation from small firms (47.3%) and medium-sized
firms (43.9%), while microenterprises accounted for 8.8%. Regarding gender, 53.5% of
respondents were men and 46.5% were women. In terms of educational level, 35.0% held
a bachelor’s degree, 22.3% had postgraduate studies, and 42.7% reported other forms of
academic training. The age distribution shows a balanced participation among the 20-30
(28.5%), 30—40 (31.2%), and over-40 (31.1%) age groups, allowing the capture of percep-
tions from different stages of work experience.

Table 1. Sociodemographic characteristics of the sample

Variable Category n %
Microenterprise 23 8.8
Firm size (SMEs Small enterprise 123 47.3
only) Medium-sized
] 114 43.9
enterprise
Male 139 53.5
Respondent gender
Female 121 46.5
) Bachelor’s degree 91 35.0
Educational
. Graduate degree 58 22.3
attainment
Other 111 42.7
Up to 20 years 24 9.2
20-30 years 74 28.5
Age
3040 years 81 31.2
Over 40 years 81 311

4 .4. Measurement Instrument
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Data were collected using a structured questionnaire consisting of 21 items, adapted
to the context of Ecuadorian SMEs from a previously validated instrument developed by
Espina-Romero et al. (2024). The instrument measures four constructs: DCs, DHRM, DT,
and OC. ltems were measured using a five-point Likert scale, where 1 represents a very
low level and 5 a very high level according to the respondent’s perception. The adaptation
process included linguistic and contextual adjustments to ensure semantic clarity and cul-
tural relevance, while preserving the original conceptual structure and theoretical validity
of the constructs, as recommended by Hair et al. (2019).

4.5, Data Collection Procedure

The survey was administered online using a secure digital platform. Participants were
informed about the academic purpose of the study, the voluntary nature of their participa-
tion, and the confidentiality of the information provided. No personally identifiable data
were collected, ensuring anonymity and the exclusive use of the information for scientific
purposes, in accordance with good ethical practices in applied social research (Hernan-
dez-Sampieri & Mendoza, 2018).

4.6. Data Analysis Techniques

Data analysis was conducted using Partial Least Squares Structural Equation Mod-
eling (PLS-SEM) with the SmartPLS 4 software (Ringle et al., 2024). This technique is
suitable for explanatory studies, complex models with latent variables, and moderate sam-
ple sizes, and it does not require strict assumptions of multivariate normality (J. F. Hair et
al., 2019, 2022).

The analysis was performed in two stages. First, the measurement model was eval-
uated using indicators of internal reliability, convergent validity, and discriminant validity.
Second, the structural model was estimated to analyze direct effects and the proposed
moderating effect, considering path coefficients, t-values, confidence intervals, R? values,
and effect sizes (f?), following methodological recommendations (Chin, 2010; J. F. Hair et
al., 2022).

5. Results

5.1. Reliability and Validity Analysis of the Measurement Model

The results in Table 2 indicate adequate levels of internal reliability and convergent
validity for all constructs in the model. First, the factor loadings of the items exceed the
minimum recommended threshold of 0.700 in most cases, indicating an adequate rela-
tionship between the indicators and their latent constructs (J. Hair et al., 2019). Although
some items show values close to the lower bound, they remain within acceptable ranges
and do not compromise the consistency of the model.

Table 2. Internal reliability and convergent validity of the measurement model

Construct Item Loadings Cronbach’s rho_a rho_c AVE
Alpha
DHRM1 0.869
Digital Human DHRM2 0.885
Resource DHRM3 0.865 0.914 0.914 0.935 0.743
Management DHRM4 0.846
DHRM5 0.845
Digital Transformation DT1 0.728 0.850 0.860 0.893 0.626
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DT2 0.824
DT3 0.733
DT4 0.809
DT5 0.854
DCs1 0.943

Digital Competencies DCs2 0.948 0.954 0.954 0.967 0.879
DCs3 0.953
DCs4 0.906
ocC1 0.710
0cC2 0.821
0C3 0.816

Organizational Culture OC4 0.813 0.899 0.903 0.920 0.623
0C5 0.771
0C6 0.822
ocC7 0.764

OC x DHRM 1.000

Internal reliability is confirmed through Cronbach’s alpha (Cronbach, 1951), with val-
ues ranging from 0.850 to 0.954 for DHRM, DT, DCs, and OC. These results exceed the
minimum criterion of 0.700 and fall within the optimal range recommended for explanatory
studies, demonstrating high internal consistency of the scales used (J. F. Hair et al., 2022;
Nunnally & Bernstein, 1994).

Complementarily, the rho_a and rho_c coefficients present values above 0.850
across all constructs, confirming the stability and composite reliability of the measurement
model. Rho_c reaches high values for DCs and DHRM, indicating high precision in the
measurement of these constructs and reinforcing the robustness of the estimated model
(Dijkstra & Henseler, 2015; J. F. Hair et al., 2019).

Convergent validity is assessed through AVE, with values exceeding the 0.500
threshold for all constructs, confirming that each latent variable explains more than 50%
of the variance of its indicators. This result shows that the items converge adequately in
measuring their respective constructs and supports the quality of the measurement model
(Fornell & Larcker, 1981).

Finally, the interaction term OC x DHRM presents a factor loading of 1.000, which is
consistent with the procedure for creating moderating variables in PLS-SEM models and
does not affect the reliability or validity criteria of the model, as long as the main constructs
have been previously validated, as is the case in this study (J. F. Hair et al., 2022).

5.2. Discriminant Validity Analysis (HTMT and Fornell-Larcker)

The HTMT criterion results show that all relationships among DCs, DHRM, DT, OC,
and OC x DHRM present values below the conservative threshold of 0.850, indicating
adequate discriminant validity among the model constructs (Table 3). In particular, the
highest relationships, such as DCs—DHRM and DCs—DT, remain below the recommended
limit, confirming that the constructs are empirically distinguishable and do not present con-
ceptual overlap issues (Henseler et al., 2015; Hair et al., 2022). The values associated
with the interaction term OC x DHRM are notably low, evidencing correct specification of
the moderating construct and the absence of conceptual collinearity with its constituent
variables.
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Table 3. Discriminant validity of the measurement model (HTMT and Fornell-Larcker)

DCs DHRM DT ocC OC x DHRM
DCs
DHRM 0.794
HTMT DT 0.731 0.714
oC 0.442 0.583 0.437
OC x DHRM 0.061 0.099 0.068 0.371
DCs 0.938
Fornell & DHRM 0.743 0.862
Larckert DT 0.665 0.636 0.791
oC 0.421 0.539 0.387 0.789

Complementarily, the Fornell-Larcker criterion confirms these results. The square
root of the AVE for each construct, located on the main diagonal, is higher than the corre-
lations with the other constructs in all cases. This pattern indicates that DCs, DHRM, DT,
and OC share more variance with their own indicators than with other constructs in the
model, thus meeting the classical criterion for discriminant validity (Fornell & Larcker,
1981). Cross-correlations remain at moderate levels, reinforcing the conceptual differen-
tiation among the analyzed variables.

5.3. Analysis of Direct Effects and the Moderating Effect

The results of the structural model show that the proposed direct effects are positive
and statistically significant, except for the moderating effect (Table 4). First, DCs shows a
strong and significant effect on DHRM (B = 0.743; p < 0.001), explaining 55.20% of its
variance. This result indicates that DCs is a key predictor of the digitalization of talent
management, with a substantive effect according to criteria for interpreting coefficients in
PLS-SEM (Hair et al., 2019; Hair et al., 2022).

Table 4. Structural model results: direct effects and moderating effect

Sample
Hypothesis (O;, t-value p-value 2.5% Cl 97.5% CI R? Nature of the Effect
Positive and
H1: DCs — DHRM 0.743 25.292 0.000 0.679 0.795 55.20% o
significant
Positive and
H2: DCs — DT 0.665 15.842 0.000 0.571 0.736  48.90% o
significant
Positive and
H3: DHRM — DT 0.323 4379 0.000 0.172 0.461 48.90% o
significant
Positive and
H4: DHRM — OC 0.539 10.85 0.000 0.429 0.626  29.00% o
significant
H5: OC x DHRM — DT 0.017 0.495 0.621 -0.047 0.085 — Not significant

Likewise, DCs exerts a positive and significant effect on DT ( = 0.665; p < 0.001),
explaining 48.90% of the variance of DT. This finding confirms that DCs acts as a direct
driver of DT, reinforcing the idea that organizational transformation largely depends on
internal digital capabilities (Chin, 2010; Hair et al., 2019).
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DHRM also shows a positive and significant effect on DT (B = 0.323; p < 0.001),
contributing together with DCs to explaining 48.90% of the variance of the dependent con-
struct. Although this effect is moderate in magnitude, it is relevant from an explanatory
perspective, as it provides evidence of the role of human capital digitalization as an ena-
bling mechanism for DT (Hair et al., 2022).

Regarding OC, the results indicate that DHRM has a positive and significant effect (B
= 0.539; p < 0.001), explaining 29.00% of its variance. This effect can be considered mod-
erate-to-high, suggesting that the digitalization of human resource practices substantially
contributes to shaping an OC oriented toward change and innovation (Henseler et al.,
2015; Hair et al., 2019).

In contrast, the moderating effect of OC on the relationship between DHRM and DT
is not statistically significant (B = 0.017; p = 0.621), and the confidence interval includes
zero. This result indicates that OC does not significantly alter the strength of the effect of
DHRM on DT in the analyzed context. From a methodological perspective, this finding is
consistent with models in which direct effects absorb a large share of the explained vari-
ance, reducing the explanatory power of interaction terms (Chin et al., 2003; J. F. Hair et
al., 2022).

5.3. Effect Size Analysis (f?)

Effect size (f?) allows assessing the relative contribution of each structural relationship
to the explained variance of the endogenous variable, complementing statistical signifi-
cance. According to Cohen (1988) and Hair et al. (2019), f> values around 0.020 indicate
small effects, 0.150 medium effects, and 0.350 large effects.

The results show that DCs exerts a very large effect on DHRM (2 = 1.230; p < 0.001),
indicating that DCs is the main determinant of the digitalization of talent management (Ta-
ble 5). This effect size far exceeds conventional thresholds, evidencing a substantive and
dominant contribution in the model, consistent with the interpretation of strong effects in
PLS-SEM (Hair et al., 2022).

Table 5. Effect size (f?) and hypothesis confirmation of the structural model

f2 t-value p-value 2.5% ClI 97.5% CI
DCs — DHRM 1.230 5.528 0.000 0.630 0.630
DCs — DT 0.158 2.398 0.017 0.151 0.151
DHRM — DT 0.064 1.612 0.107 -0.124 0.008
DHRM — OC 0.409 3.657 0.000 0.347 0.383
OC x DHRM — DT 0.001 0.139 0.890 -0.084 0.052

For the relationship DCs — DT, the effect size is medium (f2 = 0.158; p = 0.017),
indicating that DCs contributes meaningfully, though not dominantly, to explaining DT.
This result confirms that DCs acts as a direct driver of DT, complementing other model
factors.

In contrast, the relationship DHRM — DT shows a small effect (f* = 0.064) and does
not reach statistical significance (p = 0.107), suggesting that although DHRM influences
DT in terms of the structural coefficient, its incremental contribution to explained variance
is limited when DCs is present in the model. This pattern is consistent with models where
strong predictors absorb much of the explanatory power (Hair et al., 2019).

The relationship DHRM — OC shows a large effect (2 = 0.409; p < 0.001), indicating
that the digitalization of talent management makes a substantial contribution to explaining
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OC. This result reinforces the role of DHRM as a key factor in the cultural configuration of
organizations.

Finally, the interaction effect OC x DHRM on DT is virtually null (f?=0.001; p = 0.890),
confirming the absence of a relevant moderating effect. The confidence interval includes
zero, reinforcing the lack of practical and statistical impact of this relationship. Table 6
presents the summary of hypothesis confirmation.

Table 6. Summary of hypothesis confirmation

Hypothesis  Relationship f? Effect size Supported
H1 DCs > DHRM 1.230 Very large Yes
H2 DCs~> DT 0.158 Medium Yes
H3 DHRM > DT 0.064 Small No
H4 DHRM-~>0OC 0.409 Large Yes
H5 OC x DHRM > DT 0.001 Negligible No

Figure 3 shows the final model generated by SmartPLS 4.

DCs1 DHRM1 DHRM2 DHRM3 DHRM4 DHRM5 oc1

0.943 (0.000) 0.869 (0.000) "~ 0.885 (0.000) 0.865 (0.000) 0.846 (0.000) " 0.845 (0.000) 0.710 (0.000)

DCs2 ocz2

0.743 (0.000) 0.539 (0.000)

0.948 (0.000) 0.821 (0.000)
0.816 (0.000)

DCs3 4 0.953 (0.000) bl 0.017 (0.621) SEEH 0813 (0.000) —» OC4
0771 (0.000)
S e

0Cs

0.506 (0.000) 0oC 0.822 (0.000)

0.425 (0.000) 0.291 (0.000)

DCsa 0764 (0.000) acs

ocy

0.728 (0.000)

0.824 (0.000)

0.733 (0.000) 0.809 (0.000) 0.854 (0.000)

DT1 DT2 DT3 DT4 DT5

Figure 3. Final Measurement Model
6. Discussion and Conclusions

6.1. Discussion of Results

The objective of this study was to analyze the effect of DCs and DHRM on DT in
SMEs in Ecuador, as well as to examine the role of OC as a moderating variable. The
results show partial support for the proposed hypotheses. Specifically, the direct effects
of DCs on DHRM (H1) and DT (H2), as well as the effect of DHRM on OC (H4), are con-
firmed. In contrast, the direct effect of DHRM on DT (H3) and the moderating effect of OC
on the relationship between DHRM and DT (H5) are not supported. The most relevant
effects correspond to DCs — DHRM, with a very large effect size, and DCs — DT, with a
medium effect size.

First, the strong effect of DCs on DHRM confirms that organizational DCs constitute
the primary enabler of the digitalization of talent management. This result is consistent
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with prior studies emphasizing that digital maturity conditions the effective adoption of E-
HRM and HR Tech practices (Rupeika-Apoga et al., 2022; Vahdat, 2022). The added
value of this study lies in providing empirical evidence from Ecuadorian SMEs, reinforcing
the idea that in emerging economies, the digitalization of human resources fundamentally
depends on the prior level of organizational DCs.

Likewise, the positive and significant effect of DCs on DT aligns with the literature
that conceptualizes DCs as dynamic capabilities enabling organizations to adapt, recon-
figure resources, and advance in DT processes (Zhang et al., 2024; Aghazadeh et al.,
2024). This finding confirms that DCs represent the main driver of DT in the model, even
when organizational practices such as DHRM and cultural factors are incorporated.

In contrast, hypothesis H3 (DHRM — DT) is not supported, as although the structural
coefficient is positive, the effect size is small and not significant. This result partially differs
from studies that have identified a direct relationship between the digitalization of human
resources and DT (Vrontis et al., 2022; Béhmer & Schinnenburg, 2023). A possible expla-
nation is that, in the analyzed context, the impact of DHRM on DT is indirect and condi-
tioned by the dominant presence of DCs, which absorbs a large share of the explained
variance. This finding suggests that DHRM alone is not sufficient to drive DT unless it is
accompanied by a solid level of organizational DCs.

On the other hand, the positive and significant effect of DHRM on OC confirms that
the digitalization of human resource practices substantially contributes to the cultural con-
figuration of SMEs. This result is consistent with Alhamad et al. (2022) and Isensee et al.
(2023), who argue that digital training, digital internal communication, and data use foster
organizational cultures that are more open to learning and change. In this sense, DHRM
appears to act more as a cultural determinant than as a direct driver of DT.

Finally, the moderating hypothesis H5 is not supported, as the interaction term OC x
DHRM does not show a significant effect on DT. This result contrasts with studies that
have identified a moderating or mediating role of OC in DT processes (Leso et al., 2023;
Malewska et al., 2024). In the context of Ecuadorian SMEs, a possible explanation is that
OC primarily acts as an outcome of human resource digitalization rather than as a contin-
gent factor that amplifies its impact on DT. From a theoretical perspective, this finding
suggests that the role of OC is not universal and depends on the level of digital maturity
and the institutional context.

6.2. Theoretical and Practical Contributions

From a theoretical standpoint, this study contributes to the literature on DT in SMEs
by demonstrating that DCs are the central capability driving both the digitalization of hu-
man resources and DT. The results refine Dynamic Capabilities Theory by showing that
not all digital organizational practices generate direct effects on DT. In particular, the lack
of support for H3 and H5 challenges the assumption that DHRM and OC automatically act
as catalysts for DT.

In practical terms, the findings indicate that SMEs should prioritize the development
of DCs before expecting significant impacts of DHRM on DT. The implementation of digital
tools in human resources can strengthen OC but does not, by itself, guarantee substantial
advances in DT. For public policymakers, these results suggest that support programs for
SMEs should focus on strengthening organizational DCs rather than solely promoting the
adoption of isolated technological solutions.

6.3. Study Limitations

This study presents limitations that should be considered when interpreting the re-
sults. The cross-sectional design prevents the establishment of temporal causality among
variables. The use of non-probabilistic convenience sampling limits the generalizability of
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the findings to other SMEs or national contexts. In addition, the use of self-reported data
may introduce perceptual biases. Nevertheless, these limitations are common in explan-
atory studies conducted in organizational contexts and do not invalidate the robustness of
the estimated model.

6.4. Recommendations for Future Research

Future research could employ longitudinal designs to analyze whether the effect of
DHRM on DT emerges at more advanced stages of digital maturity. Likewise, it is sug-
gested to explore mediation models in which OC acts as an intermediate outcome be-
tween DHRM and other indicators of organizational performance. Finally, comparative
studies across countries or sectors would allow assessing the stability of these findings in
different institutional contexts.

6.5. Conclusions

This study shows that DT in SMEs in Ecuador is primarily driven by organizational
DCs. Although DHRM strengthens OC, it does not exert a significant direct effect on DT,
nor does OC moderate this relationship. These results provide a more nuanced view of
the role of DHRM and OC in DT, highlighting the centrality of DCs as a strategic factor in
emerging economies.
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